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ABSTRACT: Though many of the engineering problems can approximated as linear to some extent, the ground truth is 

that in reality there exist no perfectly linear systems. Though the assumptions of approximating systems as linear can be 

valid in certain cases, it may not be provide acceptable performance in many real world applications. The selection of an 

appropriate process and measurement noise co-variance value for a given system has a significant effect on system’s 

performance, and needs to be tuned correctly. To tune the EKF implemented for the permanent magnet synchronous 

motor model for indirect measurement of pole position and rotor speed has been taken from the works of as discussed ab-

initio. The proposed MGSA based methodology is shown to outperform PSO and HOD in few aspects like convergence 

time and ease of tuning while steady state error values of both the methodologies are found to be almost comparable. 
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I. INTRODUCTION 

Kalman Filter has become one of the basic tools for most of the state estimation problems. In its most basic form as developed in 

1960 by [1], it is for discrete time systems where we have a process which follows its dynamics in time domain and then we have 

a measurement which is used to correct the estimated obtained from the propagation of the process. A simple discrete time 

Kalman filter can be understood by the following flowchart. Though many of the engineering problems can approximated as 

linear to some extent, the ground truth is that in reality there exist no perfectly linear systems [2]. For example, even a simple 

resistor follows linear Ohm’s law only upto a certain range. Though the assumptions of approximating systems as linear can be 

valid in certain cases, it may not be provide acceptable performance in many real world applications. Hence there is a high 

demand of non-linear estimators for many engineering applications [3]. 

Since the model is highly non-linear, Extended Kalman Filter (EKF) is developed to deal with the non-linearity. Another problem 

of EKF is that it needs to be correctly tuned for its noise covariance matrices and initial estimated error covariance matrices. In 

this work, a novel tuning method is proposed and implemented using Human Opinion Dynamics (HOD) based Optimization. For 

comparison of results, a Particle Swarm Optimization is utilized by converting the tuning problem of EKF into an optimization 

problem. The following algorithm is implemented and tested for synchronous motor problem. Furthermore, some modifications 

based on certain assumptions are also proposed for the HOD reported in literature to solve certain problems in the existing state of 

art and improve its performance suited for some particular applications. 

II. RELATED WORK 

The selection of an appropriate process and measurement noise co-variance value for a given system has a significant effect on 

system’s performance, and needs to be tuned correctly [4]. Measurement noise co-variance matrix can though be roughly 

estimated from the error statistics of the sensors with a non-linear error factor, process noise is mostly unknown due to the non-

observability of system states. Noise co-variance matrix tuning can either be made off-line or on-line.  Recent growth of various 

evolutionary algorithms has opened up a new area of research for optimization of tuning parameters. In [5] the tuning of EKF has 

been carried out using Genetic Algorithm (GA). This methodology is an iterative process of mimicking the natural selection and 

natural genetics, and consists of three stages comprising of selection, crossover and mutation. However, it suffers from some 

inherent limitation as described in [6]. Furthermore, Particle Swarm Optimization (PSO) technique has been utilized for the 

tuning of EKF in [7]. PSO is an evolutionary algorithm based on social metaphor that aims to find an optimal solution, and is 

inspired by the food search methodology of a flock of bird [8]. Particle Swarm Optimization (PSO) is population based stochastic 

optimization technique inspired by social behavior of bird flocking or fish schooling in searching for food [9,10].  

III. PROPOSED METHODOLOGY 

To tune the EKF implemented for the permanent magnet synchronous motor model for indirect measurement of pole position and 

rotor speed has been taken from the works of as discussed ab-initio. The process model dynamics for the system is described by 

the following equations: 
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A Modified Gravitational Search Algorithm is to be formed and an optimization algorithm is to be formed using the model. The 

EKF is to be tuned for optimal values of Q and R using this model. Also, the same EKF is to be tuned with Particle Swarm 

Optimization (PSO) and the results are to be compared on the basis of convergence rate, accuracy, and robustness.  

A. Human Opinion Dynamics Model:  

Modelling human behavior has been an interesting area of research for quite a time now and a lot of theories have been put 

forward to emulate the real life dynamics into a mathematical model. HOD is one such recent area which has been recently 

claimed to solve complex optimization problem. Opinions are influenced by the opinions of its neighbors depending on their 

social influence which is defined here as the ratio of social rank of any individual to the distance between them and is given by: 
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Where oj(t) is the opinion of neighbours of individual i, wijis the social influence factor, and η is adaptive noise introduced to 

justify individualization in society after a certain consensus limit is reached.  

Algorithm: MHOD based EKF Tuning 

Begin  
Initialize opinions for measurement and control noise 

Allocate measurement and control noise to opinion1 and opinion2 

n: number of solutions 

lp: number of loops 

np: number of opinons                                                                                                                  d: the domain space 

f(x):objective function as a function of estimation error 

Define the objective function of f(x), where x=(x1,........,xd) 

Generate the initial population of opinions or xi (i=1,2 ,..., n) 

While (i<lp) 

 For j=1 to np (all opinions) 

                    Allocate measurement and control noise 

                    Apply EKF 

                   Calculate Estimation error 

                    Formulate cost function 

                    Calculate Social Score based on cost function using MLE 

   End for 

Store best individual to bfn 

                For j=1 to np (all opinions) 

For k=1 to np (for all opinions) 

 If k not equal to j 

                                   Calculate social influence wjk 

End if 

End for 

Calculate adaptive noise standard deviation 

If j not equal to bfn 

                       Update opinions using discussed equation 

                       Convert opinions 

End if 
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               If error<threshold 

Break out of loop 

 End if 

End while   

End procedure 
A new hybrid population-based algorithm (MGSA) is proposed with the combination of Modified Gravitational Search Algorithm 

(GSA). The main idea is to combine the exploitation ability of MHOD with the exploration capability in GSA to synthesize both 

algorithms’ strength. The optimal DG placement and sizing problem is used to compare the hybrid algorithm with both the 

standard MHOD and GSA algorithms in evolving best solution. 

The hybridization of two algorithms can be done in high-level or low-level having a relay or co- evolutionary method approach. 

They can be either homogeneous or heterogeneous. In this thesis, we hybridize MHOD with GSA using low-level co- 

evolutionary approach which is also heterogeneous. The reason for the hybrid to be low-level can be attributed to the fact that the 

functionality of both algorithms has been combined. But the co-evolutionary approach is used since both algorithms are used one 

after another. i.e. they both run in parallel. It is heterogeneous because there are two different algorithms that are involved to 

produce final results. The basic idea of MGSA is to combine the ability of social thinking in MHOD with the local search 

capability of GSA. 

In MGSA, at first, all opinions are randomly initialized. Each opinion is considered as a candidate solution. After initialization, 

Gravitational force, gravitational constant, and resultant forces among opinions are calculated respectively. After that, the 

accelerations of particles are defined. The social ranks of agents are considered which is calculated on the basis of mass of each 

agent. This rank is utilized for weighting the updation of each agent according to the formula given by gravitational search 

algorithm. Thus the local search capability of GSA and social influence of MHOD are utilized and the results are compared. 

Algorithm: MGSA based EKF Tuning 

Begin  
Initialize opinions for size and bus numbers 

Allocate size and bus number to opinion1 and opinion2 

n: number of objects 

l: number of solutions 

lp: number of loops 

np: number of particles                                                                                                                                   d: the domain space 

f(x):objective function as a function of voltage and losses 

Define the objective function of f(x), where x=(x1,........,xd) 

Generate the initial population of particles or xi (i=1,2 ,..., n) 

While (i<lp) 

 For j=1 to np (all opinions) 

                    Allocate control and measurement noise 

                    Apply EKF 

                    Calculate fitness function as estimation error 

                    Formulate cost function 

       Calculate the fitness corresponding to each object and use objects distance asfitness 

                   Convert Social Rank into Social Score based on cost function using MLE 

   End for 

Store best individual to bfn 

               For j=1 to np (all iterations) 

For k=1 to np (for all objects) 

 If k not equal to j 

                                   Calculate attraction 

End if 

End for 

Use Social influence as force between the particles and calculate force between each pair 

              Calculate acceleration using Force/mass 

  Calculate velocity and position 

Calculate adaptive noise standard deviation 

If j not equal to bfn 

                       Update position of each particles using discussed equation 

                       Convert objects of control and measurement noise to tuning parameters 

End if 

               If error<threshold 

Break out of loop 

End if 

End while   

End procedure 
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IV. Simulation Results and Discussion 

All simulations were done in MATLAB R 2015b. The results of our modified algorithm are shown below. 

 
Figure 1: Standard deviation of particle 1 

 
Figure 2: Standard Deviation of particle 2 

Figure 1 and 2 represents plot of standard deviation of the particles 1 and 2. As shown the particles converges after some time.  

 
Figure 3: Error comparison 
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Figure 4: Comparison of deviation of particle 1 

 
Figure 5: Comparison of deviation of particle 2 

 
Figure 6: Convergence of particle 1 
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Figure 7: Comparison of particle 2 

 
Figure 8: Results comparison of all methods 

V. CONCLUSION  

The proposed MGSA based methodology is shown to outperform PSO and HOD in few aspects like convergence time and ease of 

tuning while steady state error values of both the methodologies are found to be almost comparable. Few minor adjustments were 

done in the existing models of opinion dynamics which were justified and shown to yield better results. 

References 

[1] Simon J Julier and Jeffrey K Uhlmann. New extension of the kalman filter to nonlinear systems. In AeroSense’97, pages 182–

193.International Society for Optics and Photonics, 1997. 

[2] James Kennedy. Particle swarm optimization. In Encyclopedia of Machine Learning, pages 760–766. Springer, 2010. 

[3] ShoulieXie, LihuaXie, and Wei Lin. Global h infinty control and almost disturbance decoupling for a class of interconnected 

non-linear systems. International Journal of Control, 73(5):382–390, 2000. 

[4] Simon J Julier, Jeffrey K Uhlmann, and Hugh F Durrant-Whyte. A new approach for filtering nonlinear systems.In American 

Control Conference, 1995.Proceedings of the, volume 3, pages 1628–1632.IEEE, 1995. 

[5] Jie Ma and Jian-Fu Teng. Predict chaotic time-series using unscented kalman filter. In Machine Learning and Cybernetics, 

2004. Proceedings of 2004 International Conference on, volume 2, pages 687–690. IEEE, 2004. 

[6] Christophe Andrieu, Arnaud Doucet, Sumeetpal S Singh, and Vladislav B Tadic. Particle methods for change detection, 

system identification, and control.Proceedings of the IEEE, 92(3):423–438, 2004. 

[7] Neil J Gordon, David J Salmond, and Adrian FM Smith. Novel approach to nonlinear/non-gaussianbayesian state estimation. 

In IEE Proceedings F (Radar and Signal Processing), volume 140, pages 107–113. IET, 1993. 

[8] Adrian FM Smith and Alan E Gelfand. Bayesian statistics without tears: a sampling–resampling perspective. The American 

Statistician, 46(2):84–88, 1992. 

[9] D Loebis, R Sutton, J Chudley, and W Naeem. Adaptive tuning of a kalman filter via fuzzy logic for an Intelligent auv 

navigation system.Control engineering practice,12(12):1531–1539, 2004. 

[10] MajaKarasalo and Xiaoming Hu.An optimization approach to adaptive kalman filtering.Automatica, 7(8):1785–1793, 2011. 

[11] Jianguo Jack Wang, Weidong Ding, and Jinling Wang.Improving adaptive kalman filter in gps/sdins integration with neural 

network.Proceedings of ION GNSS 2007, 2007 

 

file:///E:/Planet%20Publication/IJEDR/Volume%203/Vol%203%20Issue%202/Published_Paper_V3_I2/www.ijedr.org


© 2017 IJEDR | Volume 5, Issue 2 | ISSN: 2321-9939 

 

IJEDR170322 International Journal of Engineering Development and Research (www.ijedr.org) 2074 

 

 

file:///E:/Planet%20Publication/IJEDR/Volume%203/Vol%203%20Issue%202/Published_Paper_V3_I2/www.ijedr.org

